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ABSTRACT 

Inability to speak is considered to be 

true disability. People with this 

disability use different modes to 

communicate with others, there are 

number of methods available for their 

communication one such common 

method of communication is sign 

language. Developing sign language 

application for deaf people can be very 

important, as they’ll be able to 

communicate easily with even those 

who don’t understand sign language. 

Our project aims at taking the basic step 

in bridging the communication gap 

between normal people, deaf anddumb 

people using sign language. The main 

focus of this work is to create a visionto 

audio based system to identify sign 

language gestures from the video  

 

 

sequences. The reason for choosing 

asystem based on vision relates to the 

fact that it provides a simpler and more 

intuitive way of communication 

between a human and a computer. This 

can be done using Machine learning 

which is nothing but a system’s 

capability to learn by itself by using its 

past actions. Symbolic language 

recognition (SLR) system takes an input 

expression from the hearing impaired 

person gives output to the normal 

person in the form of text or voice. 

 

INTRODUCTION 

 The goal of this project was to build a 

neural network able to classify which 

letter of the Efficient Symbolic 

Language (ESL) alphabet is being 

signed, given an image of a signing 

hand. This project is a first step towards 

building a possible sign language 
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translator, which can take 

communications in sign language and 

translate them into written and oral 

language. Such a translator would 

greatly lower the barrier for many deaf 

and mute individuals to be able to better 

communicate with others in day to day 

interactions. This goal is further 

motivated by the isolation that is felt 

within the deaf community. Loneliness 

and depression exists in higher rates 

among the deaf population, especially 

when they are immersed in a hearing 

world [1]. Large barriers that profoundly 

affect life quality stem from the 

communication disconnect between the 

deaf and the hearing. Some examples are 

information deprivation, limitation of 

social connections, and difficulty 

integrating in society [2]. Most research 

implementations for this task have used 

depth maps generated by depth camera 

and high resolution images. The 

objective of this project was to see if 

neural networks are able to classify 

signed ESL letters using simple images 

of hands taken with a personal device 

such as a laptop webcam. This is in 

alignment with the motivation as this 

would make a future implementation of a 

real time ESL-to-oral/written language 

translator practical in an everyday 

situation. 

 

 

EXISTING SYSTEM 

Theexistingsystem is a manual system 

which works on the diffusion of RGB-

D sensors seems to provide an effective 

solution to such a problem. 

Nevertheless, the interaction with 

stereoscopic 3D environments, in 

particular space, requires a higher 

degree of precision. To end this, a 

reliable calibration of such sensors and 

an accurate estimation of the relative 

pose of different RGB-D and 

visualization devices are crucial. Here, 

robust and straightforward procedures 

to calibrate a RGB-D camera, to 

improve the accuracy of its 3D 

measurements, and to co-register 

different calibrated devices are 

proposed. Quantitative measures 

validate the proposed approach. 

Moreover, calibrated devices have been 

used in an augmented reality system, 
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based on a dynamic stereoscopic 

rendering technique that needs accurate 

information about the observer eyes 

position. 

 

PROPOSEDSYSTEM 

Our proposed system is a sign language 

recognition system using neural 

networks that detect various hand 

gestures. The pixels were then 

separated from the image you received 

and sent to be compared with a trained 

model. The system propose a new 

framework to solve the aforementioned 

problems. This paper is based on 

substantial extensions. A more 

comprehensive survey and a redesigned 

training data scheme are presented, as 

well as a new application 

demonstration. This stage also contains 

workflows. On the upper hand, training 

data will get converted into CNN 

descriptors and are incorporated into a 

gesture database. The gesture templates 

in the database are indexed by a KNN 

structure to speed up the gesture 

matching procedure. So it is easier to 

match two contours with various or 

different scales than matching image 

patches or articulated models. The 

representation of a contour only needs a 

small size descriptor. It is more 

appropriate for dataset indexing–based 

gesture recognition techniques. 

IMPLEMENTATION 

Datavalidationsareappliedinthesefieldsa

lso.Thesesettings are checked 

andverified. The proposed system 

consists of several modules such as 

input image, preprocessing, feature 

extraction, classification and 

performance measure. Here first of all 

the data required is collected in the 

image format and then perform 

preprocessing on the collected dataset 

of images by resizing the images and 

then after the date preprocessing the 

system is subjected to find the pattern in 

order to match the features. After the 

feature extraction, the system is 

undergone through the classification 

techniques using the CNN as the main 

classifier in order to accurately 

recognize or predict the sign for the 

given input data. 

 

SAMPLE SCREENS 

 



 

IJDCST @ March-2022, Issue- V-7, I-3, SW-07 
ISSN-2320-7884 (Online)  
ISSN-2321-0257 (Print) 
 

 

CONCLUSION 

This system translates sign language 

to textual format to easily understand 

the sign language without any 

language barriers. The major 

objective of this is to reduce and 

bridge the gap between the people 

with disabilities and non-people with 

disabilities. 

In addition, similar sign gestures were 

sometimes misinterpreted. To overcome 

thesesystem should be provided with a 

comprehensive database in a variety of 

contexts for the training. The proposed 

efficient symbolic language recognition 

system using CNN is used to recognize 

sign language alphabets and speech can 

be further extended to recognize 

gestures. The system can be trained with 

more efficient dataset with infinite 

samples for each letter of the alphabet. 
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