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Abstract: 

The project was primarily aimed to create an 

automated system for classification model 

for music genres. It automatically classify 

different musical genres like classical, jazz, 

rap, pop, etc.., from audio files. We will 

classify these audio files using their low-

level features of frequency and time domain. 

The first step included finding good features 

that demarcated genre boundaries clearly. A 

total of five features namely MFCC vector, 

Chroma frequencies, Spectral roll-off, 

Spectral centroid, Zero-crossing rate were 

used for obtaining feature vectors for the 

classifiers from the GTZAN genre dataset. 

GTZAN genre classification dataset is the 

most recommended dataset for the music 

genre classification project and it was 

collected for this task only. 

INTRODUCTION 

Music genre classification is a software 

program that predicts the genre of a piece of 

music in audio format. These devices are 

used for tasks such as automatically tagging 

music for distributors such as Spotify and 

determining appropriate background music 

for events. Currently, genre classification is 

performed manually by humans applying 

their personal understanding of music. This 

task has not yet been automated by 

convolutional algorithmic approaches since 

the distinction between music genres and 

relatively subjective and ill-defined. 

However, the ambiguity of genre 

classification makes machine intelligence 

well-suited to this task. This project 

however aims at content-based 

classification, focusing on information 

within the audio rather than extraneously 

appended information. 
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Motivation: 

Genre classification is a standard problem in 

Music IR research. Most of the music genre 

classification techniques employ pattern 

recognition algorithms to classify feature 

vectors, extracted from short-time recording 

segments into genres. Commonly used 

classifiers are Support Vector Machines 

(SVMs), Nearest-Neighbour (NN) 

classifiers, Gaussian Mixture Models, Linear 

Discriminant Analysis (LDA), etc. Several 

common audio datasets have been used in 

experiments to make the reported 

classification accuracies comparable, for 

example, the GTZAN dataset which is the 

most widely used dataset for music genre 

classification. 

Problem: 

Music plays a very important role in 

people’s lives. Different communities and 

groups listen to different kinds of music. 

One main feature that separated one kind of 

music from another is the genre of the 

music. 

 

Approach: 

A total of five features namely MFCC 

vector, Chroma frequencies, Spectral roll-

off, Spectral centroid, Zero-crossing rate 

were used for obtaining feature vectors for 

the classifiers from the GTZAN genre 

dataset. GTZAN genre classification dataset 

is the most recommended dataset for the 

music genre classification project and it was 

collected for this task only. 

Results: 

Songs will be separated and form a group 

based on their genres. 

EXISTING SYSTEM 

Currently, in existing system genre 

classification is performed manually by 

humans applying their personal 

understanding of music. This task has not 

yet been automated by convolutional 

algorithmic approaches since the distinction 

between music genres and relatively 

subjective and ill-defined. The main 

drawback for this existing system is time 

taking. 

PROPOSED SYSTEM 

In the proposed system, We make use of 

Machine Learning classification techniques 

for classifying the genre. We will classify 

these audio files using their low-level 

features of frequency and time domain. The 

first step included finding good features that 
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demarcated genre boundaries clearly. A total 

of five features namely MFCC vector, 

Chroma frequencies, Spectral roll-off, 

Spectral centroid, Zero-crossing rate were 

used for obtaining feature vectors for the 

classifiers from the GTZAN genre dataset. 

GTZAN genre classification dataset is the 

most recommended dataset for the music 

genre classification project and it was 

collected for this task only. 

IMPLEMENTATION 

1.Take .mp3 audio file as input. 

2.Convert .mp3 to .wav format. 

3. Plot the raw wav files. 

4. Generate the spectrograms. 

5. Plot the features (Spectral roll off, Chroma 

feature, Zero crossing rate) 

6. Feed the data to classifier. 

7. Classifier will predict the genre of the music. 

 

 

 

 

System Architecture: 

 

Block Diagram: 

 

 

 

 

 

 

 

 

Data Flow Diagram: 
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SAMPLE RESULTS 
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Conclusion: 

In this music genre classification project, we 

have developed a classifier on audio files to 

predict its genre. We work through this 

project on GTZAN music genre 

classification dataset. This explains how to 

extract important features from audio files. 

Once the features have been extracted, we 

can use existing classification algorithms to 

classify the songs into different genres 
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