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Abstract: Visualization of moving objects is the
most effective process in present daygarious
techniques were introduced for tracking those type
objects efficiently This research has certain praatic
value and can be widely applied in some places like
bank, prison, courtroom, large public facility large
store house and military bask video streaming
process applicationfluman detection is the main
controversial issue in present day$he aim on
moving human detection is to segment the regions
corresponding to people from the rest of an image
sequence. Considering these study analysié the
human deteain we develop efficient techniqued
human detection This paper presents a set of
techniquesintegrated into a loveost PC based real
time visual surveillance system for simultaneously
human motion detection, tracking people, and
analysis their activities in monochromatic vidddwe
experimental result has shown the method present in
this paper hving the superiority of simple algorithm,
fast recognition speed and high accuracy rate.

Meanwhile, this method has certain robustness.

Index Terms: Human motion detection, object
detection and classification,Subtraction method,
Tread tracking system.

. INTRODUCTION

Monitor zing human activity is one of the most
important visual tasks to be carried out in visual

surveillance scenarios. This task includes processes

like target tracking, human activity characterization
and recognition, etc. Human activitharacterization
and recognition is a special topic that has been
addressed in the literature from different points of
views and for different purposeghe objective was

to characterize, aimed at building a feature
representation for further recognitiothe human
activity of people in typical visual surveillance
scenarios, like airport lounges, public building halls,
commercial centers, etc., with a great variety of
human action types and ordinary, rather poor,
imaging conditions.

The recognition of texture and object
categoriesis one of the most challenging problems in
computer vision. Represntation, detection and
learning are the main issues hat need to be tadled in
desigiing a visual system for recognizing object
categories. Interest point detection is animportant
reseach areain the field of image processng and
Image
categorization heavily rely on interestpoint detection

computer vision. retrieval and object
from which local image desgciptors ae computed for
image and object matching. Color plays animportant
role in the pre-attentive stage in which features ae
detected as it is one of the elementary stimulus
features.It is customary to define textureasa visual
pattern characterized by the repetition of a few basic

primitives.
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Figure 1. Human Motion Detection process for

distributed video sequencing.

There is broad agreement on the isswe of
representation: object categories are represated as
collection of features, each part has a distinctive
appearance and spatial position. The current trend
in object recognition is toward increasing the
number of points applying several detectors or
combining them or making the interest point
distributionas dense as possibM/ith the explosive
growth of image and video data sets, cuigering and
offline training of featuresbecome less feasible. By
reducing the number of featuresand working with a
predictable number of sparse features, lager image

datasetscan be procesedin lesstime.

A stable number of featureslead to a more
predictable workload for such tasks. Recent work has
aimed to find distinctive features by performing an
evaluation of all features within the data set or per
image class and choosing the most frequent ones.
This appraach requires an additional calculation step
with an inherent demand on memory and processng
time dependent on the number of features. This
alternative may therefore provide selective search for
robug features reducing the total number of interest
points used for image retrieval. We propce olor

interest points to obtain a sparse image

representation. Hence, we reduce the sensitivity to
imaging conditions, light-invariant interestpoints are
proposed. For color bocsted paints, the dm is to
exploit color statistics derived from the occurrence
probebility of colors. Color bocsted points are
ohtained trough saliency-based feature selection.
The use of color information allows extracting

repeatable and scale-invariant interestpoints.

Color derivatives were taken to form the
basisof a color saliency boaosting function to equal
the information content and saliency of a given color
occurrence. Our aim is to select interestpoints based
on color discriminatve and invariant properties
derived from local neighborhoods. Our focus is on
color models that have useful percepual and
invariant properties to achieve a reduction in the

number of interest points.
II. BACK GROUND WORK

The background subtraction method [6] is currently a
common method for motion object detection; it is a
technique which computes differendoetween the
current image and the background model image and
carries through threshold value processing to detect
motion object.

1.1. Detection Motion Object

The motion object detectids the first step of all the
object detection and tracking system meailevins

the foundation of motion tracking and recognition.
The quality of processed outcome in this phase
directly influences the following effect, because in
the course of the following processing we only

consider the pixels corresponding to motion areas i
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images, so the function of motion detection in human

body motion analysis is very important.
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Figure 2: Motion detection of each credential
formation.

The detection of motion areas is often
influenced by light variationbackground variation
and otheibackground motion objects, thus selecting a
steady and reliable detection method is very
significant. In this paper we adopt the background
subtraction method to detect motion objeBt the
system (VDS) and the MD amsorking together in
comprehensive  dwrency; the former s
complementary to the latter but not vieersa.The
analysis is projected using his/her observed styles as
a person and also as expert in medical diagnosis
related practices. So there are different style of
categorized knowledge reftting such representation

and related reasoning.

Il COMPONENTS
OF REPRESENTATION

We first discuss scale- and affine-invariant local
regions and the desciptors of their appearance,
and then descibe different image signatures

and similarity measures sutable for comparing

them. We use two complementary local region

detector typesto extract salient image structures:

1  The Harris-Laplace detector It regponds to
corner-like regions

1 TheLaplacian detector It extracts blob-like
regions

These two detectors ae invariant to scale
transformations abne as shown in the fig.2. We
can either use rotationally invariant desciptors to
achieve rotation invariance. The dominant
gradient orientation is computed as the average of
all gradient orientations in the region. We obtain
affine-invariant versions of the Harris-Laplace
and Laplacian detectors through the use of an
affine adaptation procedure. Normalization leaves
a rotational ambiguity that can be eliminated
either by udgng rotation-invariant deseiptors or by

finding the dominant gradient orientation.

IV. APPROACH

An object model consists of a number of parts.
Each part has an gpearance, relative scale and
can be occluded or not. The shape isrepreseted
by the mutual
model

occlusions are all modeled by probability densty

position of the parts. Entire

is generative and probabili stic shape and

functions The process of learning an object category
is one of first detecting regions and their scalesand
then estmating the paramete's of the above densties

from these regions.

This method finds regions that ae salient
over both location and scale. Each point on the
image a histogram is made of the intensities in a
radius (scae).

circular region of The entropy
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